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ABSTRACT

The use of Artificial Intelligence in recruitment and talent acquisition has changed the hiring process by making it
more efficient, scalable and better at making decisions. However, the more we rely on Artificial Intelligence based
recruitment systems the more we worry about bias. This can lead to discrimination. Undermine the principles of
fairness, transparency and equal employment opportunity. As organizations start using Artificial Intelligence
driven hiring technologies dealing with bias has become a top priority for human resource management,
policymakers and technology developers.

This study will review what other people have written about bias in Artificial Intelligence based recruitment
systems. It will look at how this affects hiring practices and the ethical, legal and regulatory issues that come with
using Artificial Intelligence in recruitment. The study will use a conceptual review methodology to analyze evidence
from peer reviewed secondary sources published between 2020 and 2026. This will include both perspectives and
the changing situation in India. The review will look at themes, including types and sources of algorithmic bias,
fairness and transparency in Artificial Intelligence decision making, explainable Artificial Intelligence, ethical
governance frameworks, legal and regulatory considerations and cross-cultural differences in Artificial Intelligence
adoption and implementation.

The findings show that algorithmic bias mainly comes from recruitment data, biased training datasets, not enough
model transparency and limited organizational oversight. While Artificial Intelligence can greatly improve
recruitment efficiency and consistency the lack of governance mechanisms may make existing workplace
inequalities worse and reduce workforce diversity. The study highlights the importance of using Artificial
Intelligence principles continuously auditing algorithms using diverse training datasets having human oversight
and following regulations to ensure fair hiring outcomes.

The practical implications of this study provide guidance for human resource professionals leaders and
policymakers to implement strategies to reduce bias strengthen Artificial Intelligence governance and encourage
responsible Artificial Intelligence adoption in recruitment. This review is original because it brings together
perspectives from human resource management, Artificial Intelligence, ethics, law and business analytics with a
focus, on the employment landscape and global developments. The study also proposes a conceptual framework
to support the development of transparent, accountable and fair Artificial Intelligence based recruitment systems
that promote inclusive hiring practices.

Keywords: Artificial Intelligence, Algorithmic Bias, Artificial Intelligence Based Recruitment, Fair Hiring Practices,
Human Resource Management, Ethical Artificial Intelligence, Explainable Artificial Intelligence, Artificial
Intelligence Governance.
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1. INTRODUCTION

1.1. Background of Artificial Intelligence in Recruitment

The rapid advancement of Artificial Intelligence (Al) has fundamentally reshaped the way organizations
manage business operations, make strategic decisions, and engage with their workforce. Within Human
Resource Management (HRM), Al has become one of the most influential technological developments,
transforming traditional people management practices into data-driven and technology-enabled processes.
Recruitment and selection, in particular, have witnessed significant digital transformation as organizations
seek faster, more efficient, and more objective approaches to identifying and attracting talent. The growing
availability of workforce data, advances in machine learning algorithms, and the widespread adoption of
digital recruitment platforms have accelerated the integration of Al into hiring practices across industries
(Kochling & Wehner, 2020). Recruitment has traditionally relied on human judgment to evaluate candidates'
qualifications, competencies, and organizational fit. Although human expertise remains indispensable,
conventional hiring methods are often constrained by practical challenges such as high application volumes,
limited recruitment resources, subjective decision-making, and unconscious bias. Recruiters are frequently
required to review hundreds or even thousands of applications for a single position, making it increasingly
difficult to ensure consistency and fairness throughout the selection process. These operational challenges
have encouraged organizations to adopt Al-powered recruitment systems capable of automating repetitive
tasks while supporting evidence-based hiring decisions (Raghavan et al., 2020). Modern Al-driven
recruitment platforms perform a wide range of functions that extend well beyond simple resume screening.
Contemporary systems are capable of matching applicants with job requirements, conducting preliminary
assessments, scheduling interviews, identifying relevant competencies, and even predicting future job
performance based on historical organizational data. By combining machine learning techniques with large
volumes of recruitment data, these technologies enable organizations to process applications more
efficiently while reducing administrative workload and shortening recruitment cycles (Black & van Esch,
2021). Technological progress has further expanded the capabilities of Al-enabled recruitment. Innovations in
natural language processing (NLP), deep learning, predictive analytics, and computer vision have enabled
recruitment systems to interpret unstructured information such as resumes, cover letters, video interviews,
online portfolios, and professional networking profiles with remarkable sophistication. Rather than relying
solely on predefined keywords, modern Al systems are capable of identifying contextual relationships
between candidate skills, experiences, and job requirements, thereby supporting more comprehensive talent
evaluation (Chamorro-Premuzic et al., 2019).

The widespread digitalization of recruitment has also generated unprecedented volumes of workforce data.
Organizations now collect information from applicant tracking systems, online recruitment portals,
professional networking platforms, employee performance databases, psychometric assessments, and digital
interviews. These extensive datasets provide Al algorithms with opportunities to identify recruitment
patterns, estimate candidate suitability, forecast employee retention, and recommend applicants who are
statistically more likely to succeed within specific organizational environments. Consequently, recruitment
has gradually shifted from intuition-driven decision-making toward predictive and analytical approaches
supported by data science and business analytics (Raghavan et al., 2020).

The adoption of Al in recruitment has accelerated across both developed and emerging economies. Large
multinational organizations increasingly deploy Al technologies to improve recruitment efficiency, reduce
operational costs, enhance candidate experiences, and strengthen workforce planning. The growing
popularity of intelligent recruitment platforms reflects a broader movement toward digital HR
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transformation, where technology is viewed as a strategic partner rather than merely an administrative
support tool. Reports from international organizations indicate that Al has become one of the fastest-growing
enterprise technologies, with talent acquisition representing one of its most prominent business applications
(World Economic Forum, 2025). As organizations continue to integrate Al into talent acquisition, ensuring
that these technologies support equitable employment opportunities has become a central concern for
researchers, practitioners, policymakers, and technology developers. Recruitment decisions have long-term
implications not only for organizational performance but also for workforce diversity, employee well-being,
and social inclusion. Therefore, evaluating Al-based recruitment systems solely on the basis of speed or
predictive accuracy is no longer sufficient. Instead, organizations must balance technological innovation with
responsible governance practices that uphold ethical principles, legal compliance, and equal employment
opportunities. This growing need for responsible Al forms the foundation for examining algorithmic bias and
its implications for fair hiring practices.

2. LITERATURE REVIEW

2.1. Introduction to the Literature Review

Artificial Intelligence is being used more and more in recruitment and talent acquisition. This has caught the
attention of researchers, practitioners, policymakers and technology developers over the past decade. While
Artificial Intelligence powered recruitment systems promise to be more efficient, consistent and data-driven
they also raise concerns about bias, fairness, transparency, accountability and ethical governance. As
organizations continue to rely on Artificial Intelligence for hiring decisions it is essential to understand the
existing body of knowledge. This will help identify both the opportunities and the challenges associated with
Artificial Intelligence enabled recruitment. A comprehensive review of the literature is necessary to
synthesize current findings evaluate emerging perspectives and identify areas that require further scholarly
investigation. The primary purpose of this literature review is to examine existing research on algorithmic bias
in Artificial Intelligence based recruitment systems and its implications for fair hiring practices.

This review will not present summaries of individual studies. Instead, it will adopt a synthesis approach that
integrates findings from multiple disciplines, including Human Resource Management, Artificial Intelligence,
Business Analytics, Information Systems, Organizational Behaviour, Ethics and Law. Since algorithmic bias is
not a technological issue, but also a socio-technical and organizational challenge a multidisciplinary
perspective will provide a more comprehensive understanding of the factors influencing fairness in Artificial
Intelligence assisted recruitment.

Duplicate records, -English publications, opinion pieces without scholarly evidence and studies unrelated to
recruitment or hiring contexts were excluded to maintain the quality and relevance of the review. The
inclusion criteria emphasized publications that specifically addressed Artificial Intelligence applications in
recruitment and selection algorithmic bias, fairness assessment, explainability, transparency, ethical Artificial
Intelligence, HR analytics, Artificial Intelligence governance and legal or regulatory aspects of Artificial
Intelligence enabled hiring. The reviewed literature is organized into interrelated themes that collectively
explain the evolution, implementation and implications of Artificial Intelligence based recruitment systems.
This chapter begins by examining the role of Artificial Intelligence in Human Resource Management before
discussing the evolution and functioning of Artificial Intelligence enabled recruitment technologies.

The review also compares Indian perspectives on Artificial Intelligence adoption in recruitment critically
synthesizes recent empirical and conceptual studies published between 2020 and 2026 and concludes by
identifying key research gaps that justify the need for the present study. Unlike previous reviews that
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primarily examine either the technological or ethical dimensions of Artificial Intelligence recruitment this
literature review adopts an integrated perspective that combines insights from computer science, human
resource management, business analytics organizational studies, ethics and public policy.

3. Theoretical Foundation

3.1. Introduction to the Theoretical Foundation

The use of Artificial Intelligence in hiring people has brought ways to make organizations work better but it
also raises questions about being fair, open and responsible. To understand these problems we need to have
an understanding of the basics, which includes not just the technology of Artificial Intelligence but also how
people behave, how organizations work and the ethical side of using algorithms to make hiring decisions.
Since Artificial Intelligence is used in hiring it is a mix of technology behaviour organizational processes and
management decisions so no one theory can explain everything about bias in algorithms and fair hiring. This
chapter looks at five ideas that people use a lot in information systems, human resource management
organizational behaviour and technology adoption research. These ideas are the Technology Acceptance
Model, Algorithm Aversion Theory, Organizational Justice Theory, Human Capital Theory and Socio-Technical
Systems Theory. The Technology Acceptance Model helps us understand how people accept technology.
Algorithm Aversion Theory is about how people feel about algorithms. Organizational Justice Theory is about
fairness at work. Human Capital Theory is about the value of people at work. Socio-Technical Systems Theory
is about how technology and people work. Each of these ideas gives us a way to think about Al-enabled
recruitment. We can use them to think about how people trust technology how fair they think it is and how
organizations make decisions. After talking about these ideas we will figure out which one is the way to think
about our current study, on Al-enabled recruitment and the Technology Acceptance Model and other
theories.

3.2. Technology Acceptance Model (TAM)

The Technology Acceptance Model is an important idea that was first thought of by Davis in 1989. It helps us
understand why people like or dislike technologies. The Technology Acceptance Model says that there are
two reasons why people want to use a new technology. The first reason is that they think it will be useful and
make their job better. The second reason is that they think it will be easy to use. When people think a
technology is useful and easy to use, they are more likely to want to use it. They will have a good attitude
towards it. The Technology Acceptance Model is also helpful in understanding how people who recruit
employees feel about using artificial intelligence to help them hire people. If the people in charge think that
artificial intelligence will make hiring faster and more efficient, they are more likely to want to use it. Also if
the artificial intelligence system is easy to use and gives recommendations the people who recruit new
employees will be more willing to use it.

Even though the Technology Acceptance Model is very useful it does not really help us understand if the
decisions made by intelligence are fair or not. It can help us predict if people will want to use a technology but
it does not help us understand if the technology is biased or unfair. So, the Technology Acceptance Model is
anidea but it is not the main idea that we are using for this study. The Technology Acceptance Model is more
of an idea that we are using to help us understand some things, but not everything.

3.3. Algorithm Aversion Theory

The Algorithm Aversion Theory was introduced by Diet Vorst, Simmons and Massey in 2015. This theory
explains why people do not trust or like recommendations from algorithms. Even when algorithms are really
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good at predicting things people still do not like to use them. The reason is that people think algorithms
should always be right. When an algorithm makes a mistake people are less likely to use it. On the hand
people are more okay with mistakes when they are made by other people. So, people prefer to use judgment
instead of automated decision-making.

When it comes to hiring people the Algorithm Aversion Theory is very important. This is because hiring
decisions affect people’'s jobs and the diversity of a company. Recruiters might not want to use
recommendations from artificial intelligence. This is because these recommendations can be hard to
understand or they might not agree with what the recruiter thinks. Job applicants might also think that
artificial intelligence is not personal or fair. This is especially true when they get a rejection letter from a
computer. It does not explain why. The Algorithm Aversion Theory also says that it is very important for
artificial intelligence systems to be transparent and explainable. This means that recruiters should be able to
look at change or override the recommendations from the algorithm. When recruiters can do this, they are
less likely to resist using intelligence and they will trust it more. Because of this many companies now use a
human-in-the-loop approach. This means that artificial intelligence helps the recruiter. It does not replace
them. The Algorithm Aversion Theory is really good at explaining why people do not trust technology.
However, it does not really talk about why algorithms can be biased. It is more, about how people react to
intelligence systems. So, it works well with theories that focus on fairness. The Algorithm Aversion Theory
explains why people react to Algorithm Aversion Theory in a way but it does not explain why algorithmic bias
happens.

3.4. Organizational Justice Theory

Organizational Justice Theory provides the most comprehensive framework for understanding fairness
perceptions within organizational decision-making processes. Originally developed by Greenberg (1987) and
subsequently expanded by Colquitt (2001), the theory proposes that employees evaluate organizational
decisions based on perceptions of fairness in outcomes, procedures, interpersonal treatment, and
information provided during decision-making.

The theory identifies four interconnected dimensions of organizational justice:
e Distributive justice, referring to the perceived fairness of recruitment outcomes.
e Procedural justice, concerning the fairness and consistency of recruitment procedures.
e Interpersonal justice, relating to respectful treatment of applicants throughout the hiring process.

e Informational justice, emphasizing transparent communication and adequate explanations regarding
recruitment decisions.

These dimensions are particularly relevant in Al-based recruitment because applicants increasingly expect
hiring decisions to be transparent, objective, and free from discrimination. When Al systems produce biased
or unexplained decisions, applicants may perceive recruitment procedures as unfair, regardless of whether
the algorithm achieves high predictive accuracy. Conversely, transparent Al systems that provide meaningful
explanations and maintain human oversight are more likely to strengthen perceptions of procedural and
informational justice.

Organizational Justice Theory extends beyond technical performance by incorporating ethical, psychological,
and organizational dimensions of fairness. It therefore provides an appropriate theoretical framework for
examining how algorithmic bias influences candidate experiences, organizational legitimacy, and responsible
Al adoption.
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3.5. Human Capital Theory

Human Capital Theory, originally proposed by Becker (1964), views employees as valuable organizational
assets whose knowledge, skills, competencies, and experiences contribute to long-term organizational
performance. From this perspective, recruitment represents a strategic investment rather than merely an
administrative activity.

Al-based recruitment systems have the potential to improve talent identification by objectively evaluating
candidate qualifications and predicting future performance. However, biased algorithms may systematically
exclude qualified individuals belonging to underrepresented groups, thereby reducing workforce diversity
and limiting organizations' ability to acquire valuable human capital. Human Capital Theory therefore
emphasizes the importance of equitable recruitment practices that maximize organizational access to diverse
talent pools. Organizations that fail to eliminate algorithmic bias risk making suboptimal hiring decisions,
reducing innovation capacity, and weakening long-term competitive advantage. Nevertheless, the theory
primarily focuses on economic value creation and workforce productivity rather than fairness perceptions or
ethical decision-making. Consequently, while Human Capital Theory explains why organizations should
recruit diverse talent, it provides limited insight into applicants' perceptions of justice.

3.6. Socio-Technical Systems Theory

Socio-Technical Systems Theory, developed by Trist and Bamforth (1951), argues that organizational
effectiveness depends on the successful integration of social systems and technological systems. Rather than
viewing technology as an independent determinant of organizational performance, the theory emphasizes
the interaction between technological infrastructure, organizational culture, managerial practices,
employees, and institutional environments.

The theory highlights the importance of multidisciplinary collaboration involving HR professionals, Al
developers, legal experts, ethicists, and organizational leaders to ensure responsible Al implementation. It
also reinforces the principle that effective Al governance requires continuous monitoring, human oversight,
and organizational accountability rather than reliance on technological solutions alone.

4. Conceptual Framework

The conceptual framework provides a structured representation of the relationships among the key concepts
examined in this study. It explains how Al-based recruitment systems influence hiring decisions and how
algorithmic bias may affect fairness within recruitment processes. The framework also highlights the
importance of transparency in improving stakeholder trust and supporting responsible Al adoption in talent
acquisition. The framework proposes that the use of Al-powered recruitment systems, although designed to
improve efficiency and consistency, may unintentionally introduce algorithmic bias due to biased training
data, model design, historical recruitment patterns, or deployment practices. Such biases can negatively
influence the fairness of recruitment decisions, leading to unequal treatment of candidates and limiting
diversity and inclusion within organizations.

Transparency is considered a critical moderating factor in this framework. When Al systems provide clear,
explainable, and accountable decision-making processes, organizations are better positioned to identify,
evaluate, and mitigate algorithmic bias. Greater transparency also strengthens organizational trust by
increasing confidence among recruiters, applicants, and other stakeholders regarding the fairness and ethical
use of Al in recruitment.
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Consequently, organizations that integrate transparent Al governance with effective bias mitigation
strategies are more likely to achieve fairer recruitment decisions, improve hiring quality, and foster inclusive
workforce practices.

4.1.

Key Constructs

4.1.1. Al-Based Recruitment Systems

Al-based recruitment systems refer to intelligent technologies that support various stages of the hiring
process, including resume screening, candidate matching, interview assessment, and recruitment
decision support. These systems employ machine learning, natural language processing, predictive
analytics, and other Al techniques to improve recruitment efficiency and consistency.

4.1.2. Algorithmic Bias

Algorithmic bias refers to systematic errors or unintended discrimination embedded within Al models
that result in unequal treatment of individuals or groups during recruitment. Such bias may originate
from historical data, biased training datasets, feature selection, or model design.

4.1.3. Fairness

Fairness represents the extent to which recruitment decisions are objective, equitable, and free from
discrimination. It ensures that all candidates receive equal opportunities irrespective of gender, age,
ethnicity, disability, or other protected characteristics.

4.1.4. Transparency

Transparency refers to the ability of Al systems to provide understandable and explainable decision-
making processes. Transparent recruitment systems enable organizations to justify hiring decisions,
improve accountability, and facilitate bias detection.

4.1.5. Recruitment Outcomes

Recruitment outcomes represent the overall effectiveness of Al-assisted hiring in terms of candidate

quality, workforce diversity, recruitment efficiency, and organizational inclusiveness.

4.1.6. Organizational Trust
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4.2. Proposed Conceptual Relationship

The proposed conceptual framework suggests that Al-based recruitment systems have the potential to
improve organizational hiring practices while simultaneously creating risks associated with algorithmic bias. If
left unaddressed, these biases may compromise the fairness of recruitment decisions and reduce the quality
and inclusiveness of hiring outcomes. Transparency plays a central role by enabling explainability,
accountability, and continuous evaluation of Al systems. Enhanced transparency strengthens organizational
trust, facilitates effective bias mitigation, and promotes fair, ethical, and responsible recruitment practices.
Consequently, organizations that combine Al-driven recruitment with transparent governance mechanisms
are more likely to achieve equitable hiring decisions and sustainable talent management.

4.3. Conceptual Framework

The conceptual framework provides a structured understanding of how Al-based recruitment systems
influence hiring practices and the factors that determine their fairness and effectiveness. It illustrates the
relationships between Al-enabled recruitment technologies, algorithmic bias, transparency, fairness,
organizational trust, and recruitment outcomes. The framework is developed based on the existing literature
and is grounded in Organizational Justice Theory, which emphasizes fairness and equity in organizational
decision-making.

4.3.1. Al-Based Recruitment Systems

Al-based recruitment systems comprise intelligent technologies that assist organizations in various
stages of the hiring process, including resume screening, candidate shortlisting, interview assessment,
and selection decisions. These systems use machine learning, natural language processing, predictive
analytics, and other Al techniques to improve recruitment efficiency, consistency, and decision quality.

4.3.2. Algorithmic Bias

Algorithmic bias refers to systematic and unintended discrimination that arises from biased training
data, flawed model design, or inappropriate deployment of Al systems. Such bias may result in unequal
treatment of candidates by favouring or disadvantaging certain groups based on historical patterns or
proxy variables rather than objective job-related criteria.

4.3.3. Fairness

Fairness represents the principle that all candidates should be evaluated objectively and provided with
equal opportunities throughout the recruitment process. Fair Al systems minimize discriminatory
outcomes and ensure that hiring decisions are based on relevant qualifications, competencies, and
merit rather than protected personal characteristics.

4.3.4. Transparency

Transparency refers to the extent to which Al-driven recruitment decisions are understandable,
explainable, and open to evaluation. Transparent systems enable recruiters and applicants to
understand how hiring decisions are reached, thereby strengthening accountability and supporting
effective bias detection and mitigation.

4.3.5. Recruitment Outcomes

Recruitment outcomes reflect the overall effectiveness of Al-assisted hiring in attracting and selecting
qualified candidates while promoting workforce diversity, inclusion, and organizational performance.
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Fair and transparent Al systems are expected to contribute to better hiring quality and more equitable
recruitment practices.

4.3.6. Organizational Trust

Organizational trust refers to the confidence that recruiters, job applicants, managers, and other
stakeholders place in the fairness, reliability, and ethical use of Al within recruitment processes. Higher
levels of trust encourage greater acceptance of Al technologies and support their responsible
implementation.

5. Review Methodology

5.1. Research Approach

This study adopts a conceptual research approach to examine the growing body of knowledge on algorithmic
bias in Al-based recruitment systems and its implications for fair hiring practices. Unlike empirical research,
which relies on primary data collected through surveys, interviews, or experiments, conceptual research
synthesizes existing scholarly evidence to develop a comprehensive understanding of a research problem.
Given the interdisciplinary nature of Al-enabled recruitment, this approach enables the integration of insights
from Human Resource Management, Artificial Intelligence, Business Analytics, Ethics, Information Systems,
and Public Policy.

The review aims to consolidate existing theoretical and empirical evidence, identify recurring themes,
compare international and Indian perspectives, and highlight emerging research gaps that can guide future
studies and organizational practice.

5.2. Research Design

The study follows a structured conceptual literature review supported by thematic and narrative synthesis. A
thematic approach was adopted to organize the literature into key research domains, including Al in Human
Resource Management, Al-based recruitment systems, algorithmic bias, fairness, transparency, ethical Al,
legal and regulatory frameworks, and responsible Al governance.

Rather than summarizing studies individually, the review critically synthesizes existing findings to identify
common patterns, contrasting viewpoints, methodological trends, and unresolved issues. This approach
facilitates a deeper understanding of how algorithmic bias affects recruitment practices across different
organizational and geographical contexts.

5.3. Sources of Secondary Data

The study relies exclusively on secondary data obtained from credible academic and institutional sources. The
literature reviewed includes peer-reviewed journal articles, scholarly books, edited book chapters,
conference proceedings, government publications, policy reports, and industry reports relevant to Artificial
Intelligence, Human Resource Management, Business Analytics, and organizational decision-making.

To provide both global and local perspectives, publications from international organizations such as the
OECD, UNESCO, World Economic Forum (WEF), National Institute of Standards and Technology (NIST), and
the European Commission were reviewed alongside Indian policy documents published by NITI Aayog, the
Ministry of Electronics and Information Technology (MeitY), and reports relating to the IndiaAl Mission and
the Digital Personal Data Protection Act, 2023.
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5.4. Literature Search Strategy

A structured search strategy was employed to identify relevant literature across multiple academic
databases. The search process combined keywords and Boolean operators to maximize coverage while
maintaining relevance to the research objectives.

Keywords included:
o Artificial Intelligence
e Al Recruitment
e Algorithmic Bias
e  Fair Hiring
e Ethical Al
e Responsible Al
e Explainable Al
e HR Analytics
e Al Governance
e Recruitment Algorithms
e Human Resource Management
e India

These keywords were combined using Boolean operators such as AND, OR, and NOT to retrieve studies
closely aligned with the research topic. Additional publications were identified through backward and
forward citation tracking of highly cited articles to ensure comprehensive coverage of the literature.

5.5. Databases Used

The literature was collected from internationally recognized academic databases to ensure the quality and
credibility of the reviewed studies. These databases include:

e Scopus

e Web of Science

e ScienceDirect (Elsevier)
e SpringerLink

e Emerald Insight

e |EEE Xplore

e  Wiley Online Library

e Sage Journals

e Google Scholar (used primarily for citation tracking and identifying grey literature)
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These databases were selected because they index high-quality peer-reviewed research across Human
Resource Management, Artificial Intelligence, Business Analytics, Computer Science, and Information
Systems.
5.6. Inclusion Criteria
To ensure consistency and relevance, the reviewed literature was selected based on the following criteria:

e Publications released between 2020 and 2026

e Peer-reviewed journal articles and high-quality conference proceedings

e Publications written in English

e Studies focusing on Al-based recruitment, algorithmic bias, fairness, explainability, Al ethics, HR
analytics, or responsible Al

e Research relevant to Human Resource Management, Business Analytics, Information Systems, or
Organizational Behaviour

e International and Indian studies that contribute to understanding Al-assisted recruitment and fair
hiring practices
5.7. Exclusion Criteria
The following publications were excluded from the review:
e Non-peer-reviewed articles and opinion pieces
e Publications not directly related to Al recruitment or algorithmic bias
e Studies focusing exclusively on technical algorithm development without HR relevance
e Non-English publications
o Duplicate studies retrieved from multiple databases

e Articles lacking sufficient methodological or theoretical rigor

5.8. Article Selection Process

The article selection process followed a structured multi-stage approach. Initially, publications were
identified through database searches using predefined keywords. Titles and abstracts were screened to
determine their relevance to the research objectives. Studies that met the preliminary criteria underwent
full-text review to assess their theoretical contribution, methodological quality, and alignment with the scope
of the study.

Preference was given to publications appearing in high-impact peer-reviewed journals indexed in Scopus and
Web of Science. Indian studies addressing Al adoption, HR analytics, digital transformation, or Al governance
were also prioritized to provide contextual relevance alongside international evidence.

5.9. Quality Assessment of the Literature

The selected studies were critically evaluated to ensure their academic quality and relevance. The assessment
considered several factors, including the clarity of research objectives, theoretical grounding, research
design, methodological rigor, data sources, analytical approach, and contribution to the understanding of Al-
based recruitment and algorithmic bias.
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Rather than relying solely on publication counts, greater emphasis was placed on the credibility, originality,
and practical significance of the selected studies. This critical appraisal strengthened the reliability of the
review and supported the development of a balanced synthesis of existing knowledge.

5.10. Review Framework

The reviewed literature was analysed using a thematic and narrative synthesis approach. Studies were
grouped into major themes corresponding to the objectives of the research, including Al in Human Resource
Management, Al-enabled recruitment systems, algorithmic bias, fairness, transparency, ethical Al,
responsible Al governance, and legal and regulatory perspectives.

Within each theme, similarities and differences across studies were examined to identify recurring findings,
conflicting viewpoints, methodological approaches, and contextual variations between international and
Indian research. The synthesis also highlighted areas where existing evidence remains limited, particularly in
relation to the Indian employment landscape, Al governance, explainable Al, and fairness evaluation in
recruitment systems.

The final stage of the review involved identifying research gaps and developing an integrated understanding
of the relationship between Al recruitment systems, algorithmic bias, transparency, organizational trust, and
fair hiring practices. These insights form the foundation for the conceptual framework and recommendations
presented in the subsequent chapters.

6. Critical Analysis and Discussion

6.1. Comparative Evaluation of Existing Studies

The reviewed literature consistently demonstrates that Artificial Intelligence has transformed recruitment by
improving the speed, consistency, and efficiency of hiring processes. Al-powered recruitment systems are
widely used for resume screening, candidate matching, interview scheduling, skill assessment, and predictive
hiring decisions. Studies conducted in North America and Europe largely emphasize technological
advancements and organizational efficiency, while research from developing economies, including India,
focuses more on implementation challenges, ethical concerns, and organizational preparedness. Despite
these differences, there is broad agreement that Al has the potential to enhance recruitment outcomes when
supported by appropriate governance mechanisms and human oversight.

A comparison of the reviewed studies also reveals differences in research methodologies. Most international
studies employ empirical methods such as surveys, experiments, case studies, or machine learning
evaluations to assess the effectiveness and fairness of Al recruitment systems. In contrast, a considerable
proportion of Indian research remains conceptual or exploratory, reflecting the relatively recent adoption of
Al within organizational recruitment practices. While empirical studies provide measurable evidence
regarding algorithmic performance and fairness, conceptual studies contribute by developing theoretical
frameworks and identifying emerging ethical and governance issues. Together, these approaches provide a
comprehensive understanding of the opportunities and challenges associated with Al-enabled recruitment.

6.2. Consensus on Algorithmic Bias and Ethical Challenges

Across the literature, there is strong consensus that algorithmic bias represents one of the most significant
challenges associated with Al-based recruitment. Most researchers agree that bias rarely originates from the
algorithm itself; rather, it emerges from historical recruitment data, unrepresentative training datasets,
inappropriate feature selection, or design choices that inadvertently replicate existing organizational
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inequalities. Consequently, Al systems trained on biased historical data may reinforce patterns of
discrimination based on gender, age, ethnicity, disability, educational background, or socioeconomic status.

The literature also consistently emphasizes that recruitment decisions cannot be evaluated solely on
predictive accuracy. Ethical considerations such as fairness, transparency, accountability, privacy, and
explainability have become equally important indicators of responsible Al adoption. International
frameworks developed by the OECD, UNESCO, NIST, and the European Union reinforce these principles by
advocating human oversight, algorithmic accountability, and regular bias auditing throughout the Al lifecycle.
Similar concerns are increasingly reflected in Indian policy initiatives that promote responsible Al and ethical
digital governance.

Another common finding across the literature is that fairness should not be viewed as a purely technical
objective. Instead, fairness is shaped by organizational values, governance structures, regulatory compliance,
and human involvement in recruitment decisions. Consequently, most scholars recommend maintaining
meaningful human oversight rather than relying entirely on automated decision-making.

6.3. Contradictory Findings and Methodological Limitations

Although there is broad agreement regarding the existence of algorithmic bias, the literature presents
contrasting views on the effectiveness of Al in reducing discrimination during recruitment. Some studies
argue that Al can reduce unconscious human bias by applying standardized evaluation criteria across all
applicants. From this perspective, automated recruitment has the potential to improve consistency, reduce
subjectivity, and support merit-based hiring decisions.

Conversely, other researchers argue that Al may amplify existing inequalities because algorithms learn from
historical recruitment decisions that already reflect organizational and societal biases. In such cases, Al
systems may appear objective while reproducing discriminatory outcomes at a larger scale. These contrasting
findings suggest that the effectiveness of Al depends less on the technology itself and more on the quality of
training data, algorithm design, organizational governance, and continuous monitoring.

Methodological limitations are also evident within the existing literature. Many empirical studies rely on
simulated datasets or proprietary organizational data, limiting the generalizability and reproducibility of
findings. Several investigations examine only one stage of recruitment, such as resume screening or interview
analysis, without considering the recruitment process as an integrated system. Furthermore, most studies
evaluate algorithmic performance using quantitative fairness metrics while giving comparatively less
attention to applicant perceptions, recruiter experiences, or long-term organizational outcomes. These
limitations highlight the need for more interdisciplinary and context-specific research.

6.4. Practical Challenges in Al-Based Recruitment

The practical implementation of Al recruitment systems presents several organizational challenges that
extend beyond technical performance. One of the most frequently discussed issues is the lack of
transparency in algorithmic decision-making. Many commercial Al recruitment tools operate as "black-box"
systems, making it difficult for recruiters and applicants to understand how hiring recommendations are
generated. This lack of explainability reduces organizational accountability and may weaken confidence in Al-
assisted recruitment.

Data privacy represents another significant challenge. Al recruitment systems rely on extensive personal
information, including resumes, psychometric assessments, video interviews, and online profiles. The
collection, storage, and processing of such data raise important concerns regarding consent, confidentiality,
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cybersecurity, and regulatory compliance. Organizations must therefore balance the analytical capabilities of
Al with appropriate safeguards that protect applicant privacy and comply with evolving data protection
regulations.

Organizational readiness is equally important for successful Al implementation. The reviewed literature
indicates that many organizations, particularly small and medium-sized enterprises, face constraints related
to digital infrastructure, financial resources, technical expertise, and employee capability. Resistance to
technological change, limited Al literacy among HR professionals, and insufficient governance frameworks
further complicate Al adoption. These challenges suggest that successful implementation requires not only
advanced technology but also organizational commitment, continuous training, and effective change
management.

6.5. Contextual Factors Influencing Algorithmic Bias: The Indian Perspective

The manifestation of algorithmic bias is influenced by organizational, cultural, and institutional contexts. In
India, Al adoption in recruitment is expanding rapidly, particularly within the information technology,
banking, financial services, consulting, and e-commerce sectors. However, the Indian employment landscape
presents unique challenges that distinguish it from many Western economies.

Recruitment decisions in India are influenced by considerable diversity in language, educational background,
socioeconomic status, regional differences, and workforce demographics. Al systems trained predominantly
on historical organizational data may unintentionally replicate existing inequalities associated with these
factors. Furthermore, the availability of high-quality, representative datasets remains a significant challenge,
particularly for organizations operating across diverse geographical and cultural contexts.Unlike the
European Union, which has introduced comprehensive Al-specific regulatory measures, India's Al governance
framework is still evolving. Initiatives such as the Digital Personal Data Protection Act, 2023, the India Al
Mission, and NITI Aayog's Responsible Al guidelines represent important steps toward ethical Al governance.
Nevertheless, organizations continue to face uncertainty regarding standardized fairness assessment,
algorithm auditing, and accountability mechanisms.

The literature also suggests that Indian organizations often prioritize operational efficiency and digital
transformation, whereas fairness auditing and explainability receive comparatively less attention during Al
implementation. Strengthening organizational awareness, establishing transparent governance practices,
and developing context-specific fairness standards will therefore be essential for ensuring responsible Al
adoption within Indian recruitment processes.

Chapter Summary

The critical analysis demonstrates that Al-based recruitment offers substantial opportunities to improve
efficiency and support evidence-based hiring; however, these benefits are accompanied by significant ethical,
technical, and organizational challenges. The reviewed literature consistently identifies algorithmic bias as a
major concern affecting fairness, diversity, and organizational legitimacy. While international studies have
advanced discussions on explainability, accountability, and regulatory compliance, research focusing on the
Indian context remains comparatively limited and fragmented.

The analysis further highlights that responsible Al adoption requires more than technological advancement.
Transparent governance, high-quality training data, continuous algorithm auditing, meaningful human
oversight, and context-sensitive implementation are essential for ensuring equitable recruitment outcomes.
These observations reinforce the need for an integrated approach that combines technological innovation
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with ethical principles and organizational justice, providing a strong foundation for the recommendations and
conclusions presented in the subsequent chapter.

7. Research Gaps

Despite the rapid growth of research on Artificial Intelligence (Al) in recruitment and selection, several
important gaps remain in the existing literature. While numerous studies have examined the technological
capabilities of Al-enabled recruitment systems, comparatively fewer have explored the broader
organizational, ethical, and contextual implications of algorithmic decision-making. The following research
gaps emerged from the critical review of recent studies and provide the rationale for the present study.

7.1. Limited Interdisciplinary Integration

Most existing studies examine Al-based recruitment from a single disciplinary perspective, such as computer
science, information systems, or human resource management. Technical research primarily focuses on
improving algorithm performance and prediction accuracy, whereas HR studies emphasize recruitment
efficiency and organizational outcomes. As a result, limited attention has been given to integrating insights
from Al ethics, HR analytics, organizational behaviour, business analytics, and public policy into a unified
framework. Since algorithmic bias is both a technological and organizational issue, a multidisciplinary
perspective is essential to understand its impact on fair hiring practices and responsible Al adoption.

7.2. Limited Research on Transparency and Explainability

Although transparency and explainability are widely recognized as fundamental principles of responsible Al,
their application in recruitment remains insufficiently explored. Many Al-based recruitment tools continue to
function as "black-box" systems, providing limited information about how hiring recommendations are
generated. Existing research has largely focused on identifying algorithmic bias, while comparatively fewer
studies investigate practical approaches to improving explainability, accountability, and transparency within
recruitment systems. This gap limits organizations' ability to build trust, justify Al-assisted decisions, and
ensure compliance with emerging ethical and regulatory expectations.

7.3. Insufficient Focus on the Indian Context

The majority of published research on Al recruitment originates from North America and Europe, where
technological maturity and regulatory frameworks are comparatively well established. Although Al adoption
is increasing across Indian organizations, particularly in the IT, consulting, financial services, and e-commerce
sectors, research examining the Indian context remains limited. Factors such as workforce diversity,
multilingual environments, socio-economic inequalities, organizational practices, and evolving regulatory
initiatives create unique challenges that differ from those reported in Western countries. Consequently,
there is a need for greater scholarly attention to Indian organizational experiences, governance practices, and
policy developments to better understand the implications of Al-enabled recruitment within the country's
employment landscape.

7.4. Underexplored Intersectional and Multi-Dimensional Bias

Existing studies frequently investigate algorithmic bias by examining individual characteristics such as gender,
age, race, or ethnicity in isolation. However, recruitment decisions are often influenced by multiple,
overlapping social and demographic factors. Comparatively little research has examined how Al systems may
simultaneously disadvantage individuals based on combinations of characteristics, including gender, age,
disability, educational background, socio-economic status, language, or regional identity. Exploring these
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intersectional dimensions is important for developing more inclusive and equitable Al recruitment systems
that reflect the complexity of real-world hiring environments.

7.5. Lack of Standardized Bias Detection and Mitigation Frameworks

Although several fairness metrics and bias mitigation techniques have been proposed within the Al literature,
there is no universally accepted framework specifically designed for Al-enabled recruitment. Organizations
often adopt different approaches to measuring fairness, auditing algorithms, and monitoring recruitment
outcomes, resulting in inconsistent implementation and evaluation practices. Furthermore, many existing
frameworks are technically oriented and provide limited guidance for HR professionals responsible for
implementing Al in organizational settings. There is a clear need for practical, standardized, and context-
sensitive frameworks that integrate technical fairness measures with HR policies, ethical principles,
organizational governance, and regulatory requirements.

7.6. Research Gap Addressed by the Present Study

The present study seeks to address these gaps by developing an integrated conceptual understanding of
algorithmic bias in Al-based recruitment systems and its implications for fair hiring practices. Unlike previous
studies that predominantly examine either technical performance or ethical concerns in isolation, this review
combines perspectives from Human Resource Management, Artificial Intelligence, Business Analytics,
Organizational Behaviour, and Al ethics. It also gives particular attention to the Indian context while drawing
comparisons with global developments. By synthesizing recent literature published between 2020 and 2026,
the study proposes a comprehensive conceptual framework that links algorithmic bias, transparency,
organizational trust, and fairness, while offering practical recommendations to support responsible Al
governance and equitable recruitment practices.

8. Practical and Managerial Implications

The growing adoption of Artificial Intelligence (Al) in recruitment presents significant opportunities for
organizations to improve efficiency, consistency, and data-driven decision-making. However, these benefits
can only be realized when Al systems are implemented responsibly and supported by appropriate
governance mechanisms. The findings of this review highlight that addressing algorithmic bias requires not
only technological solutions but also organizational commitment, ethical leadership, and effective human
oversight. The following practical and managerial implications provide guidance for organizations, HR
professionals, policymakers, and technology developers seeking to promote fair and responsible Al-enabled
recruitment.

8.1. Strengthening HR Policies for Ethical Al Adoption

Organizations should establish comprehensive HR policies that promote the ethical use of Al throughout the
recruitment process. These policies should clearly define the purpose of Al-assisted hiring, outline
accountability for recruitment decisions, and specify procedures for monitoring fairness and preventing
discrimination. Ethical Al principles should be embedded within recruitment policies to ensure that Al
complements human decision-making rather than replacing professional judgment. Regular policy reviews
are also essential to accommodate technological advancements and evolving legal and ethical requirements.

8.2. Establishing Robust Al Governance Frameworks

Effective Al implementation requires strong governance structures that ensure accountability, transparency,
and responsible decision-making. Organizations should establish Al governance frameworks that involve
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cross-functional collaboration among HR professionals, data scientists, Al developers, legal experts,
compliance officers, and senior management. Such collaborative governance enables organizations to
evaluate Al systems from technical, ethical, legal, and organizational perspectives while ensuring that
recruitment decisions remain aligned with organizational values and regulatory expectations.

8.3. Implementing Bias Detection and Mitigation Strategies

Continuous monitoring of Al systems is essential for reducing algorithmic bias and maintaining fairness in
recruitment decisions. Organizations should adopt structured bias mitigation practices, including periodic
audits of recruitment data, fairness testing of Al models, validation of recruitment outcomes, and regular
performance evaluations across different demographic groups. Bias should be assessed throughout the Al
lifecycle—from data collection and model development to deployment and ongoing monitoring. Combining
technical fairness assessments with human review helps identify unintended discriminatory patterns before
they affect hiring outcomes.

8.4. Promoting Human Oversight in Recruitment Decisions

Although Al can significantly improve recruitment efficiency, final hiring decisions should continue to involve
human judgment. A human-in-the-loop approach allows recruiters to review Al-generated
recommendations, consider contextual factors that algorithms may overlook, and intervene when potentially
biased outcomes are identified. Human oversight also enhances accountability, strengthens candidate
confidence, and ensures that recruitment decisions remain aligned with organizational values and equal
employment principles.

8.5. Building Al Literacy Among HR Professionals

The successful adoption of Al depends not only on technological capability but also on the knowledge and
preparedness of HR professionals. Organizations should invest in continuous training programs that enhance
Al literacy, enabling HR practitioners to understand how Al systems operate, interpret algorithmic
recommendations, recognize potential sources of bias, and evaluate ethical implications. Developing these
competencies will help HR professionals make informed decisions, collaborate effectively with technical
teams, and manage Al-enabled recruitment more responsibly.

8.6. Enhancing Transparency and Stakeholder Communication

Transparency is fundamental to building trust in Al-assisted recruitment. Organizations should ensure that
applicants and employees are informed about the use of Al in hiring processes, the purpose of automated
assessments, and the factors influencing recruitment decisions wherever appropriate. Providing clear
explanations, maintaining open communication, and offering mechanisms for review or appeal can improve
perceptions of fairness and accountability. Transparent communication also demonstrates organizational
commitment to ethical recruitment and strengthens stakeholder confidence in Al-enabled decision-making.

8.7. Implications for Indian Organizations

For Indian organizations, the responsible adoption of Al in recruitment requires balancing technological
innovation with the country's diverse workforce and evolving regulatory environment. Organizations should
align Al implementation with emerging national initiatives on responsible Al, data governance, and digital
transformation while considering India's cultural, linguistic, and socio-economic diversity. Investing in
representative datasets, standardized governance practices, and ethical recruitment policies will help
organizations reduce bias and promote more inclusive hiring outcomes. As Al adoption continues to expand
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across Indian industries, integrating fairness, transparency, and accountability into recruitment strategies will
be essential for sustainable and responsible workforce management.

9. Conclusion

The increasing adoption of Artificial Intelligence (Al) in recruitment has transformed the way organizations
identify, assess, and select talent. Al-powered recruitment systems have demonstrated considerable
potential to improve recruitment efficiency, reduce administrative workload, enhance decision consistency,
and support data-driven hiring practices. However, the literature reviewed in this study also highlights that
these technological advancements are accompanied by significant ethical, organizational, and governance
challenges. Among these, algorithmic bias has emerged as one of the most critical concerns, as it can
unintentionally reproduce historical inequalities and undermine the principles of fairness, diversity, and
equal employment opportunity.

This review demonstrates that algorithmic bias is not solely a technical issue but a multidimensional challenge
shaped by the quality of training data, algorithm design, organizational practices, governance mechanisms,
and the broader social and regulatory environment. The findings indicate that achieving fair Al-enabled
recruitment requires more than improving algorithmic accuracy. Organizations must also ensure that Al
systems are transparent, explainable, accountable, and supported by meaningful human oversight
throughout the recruitment process. Fairness should therefore be viewed as a core organizational value
rather than merely a technical performance metric.

The study further highlights that transparency plays a pivotal role in strengthening trust in Al-assisted
recruitment. Explainable decision-making processes, regular algorithm audits, continuous bias monitoring,
and clear communication with stakeholders enable organizations to identify and mitigate potential sources of
bias while enhancing confidence in Al-supported hiring decisions. These practices contribute to more
equitable recruitment outcomes and reinforce organizational commitment to responsible and ethical Al
adoption.

From an organizational perspective, the review underscores the importance of establishing comprehensive Al
governance frameworks that integrate ethical principles with human resource policies and technological
practices. HR professionals, data scientists, organizational leaders, and legal experts must work
collaboratively to ensure that Al systems are designed, implemented, and monitored in ways that promote
fairness, accountability, and compliance with evolving regulatory standards. The integration of ethical Al
principles into recruitment strategies will not only improve hiring quality but also strengthen workforce
diversity, organizational legitimacy, and stakeholder trust.

The review also identifies a significant need for greater scholarly attention to the Indian context. Although Al
adoption in recruitment is growing rapidly across Indian organizations, empirical evidence examining
algorithmic fairness, transparency, governance practices, and regulatory implementation remains limited.
India's diverse workforce, multilingual environment, and evolving digital governance landscape present
unique challenges that cannot always be addressed using findings from Western contexts alone. Future
research should therefore develop context-specific frameworks and empirical evidence that reflect the
realities of Al adoption within Indian organizations.

Overall, this study contributes to the existing body of knowledge by bringing together perspectives from
Human Resource Management, Artificial Intelligence, Business Analytics, Organizational Behaviour, and Al
Ethics to provide a comprehensive understanding of algorithmic bias in Al-based recruitment systems. The
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proposed conceptual framework illustrates how algorithmic bias, transparency, organizational trust, and
fairness interact to influence recruitment outcomes, offering a foundation for future academic research and
practical application.

As Al continues to reshape the future of work, building fair and trustworthy recruitment systems will require
sustained collaboration among researchers, HR professionals, technology developers, organizational leaders,
and policymakers. Such collaboration is essential for developing transparent governance mechanisms,
improving bias detection and mitigation practices, and establishing ethical standards that protect both
organizational interests and candidate rights. By combining technological innovation with responsible
governance and human-centered decision-making, organizations can harness the benefits of Al while
promoting inclusive, transparent, and equitable hiring practices for the future.

Overall Contribution of the Study
This conceptual review makes four key contributions to the existing literature:

e |t synthesizes recent research (2020-2026) on algorithmic bias in Al-based recruitment from
multidisciplinary perspectives, including Human Resource Management, Artificial Intelligence, Business
Analytics, Organizational Behaviour, and Al Ethics.

e |t highlights the growing importance of transparency, organizational trust, and responsible Al
governance in promoting fair and inclusive hiring practices.

e |t addresses the limited attention given to the Indian context by discussing emerging regulatory
developments, organizational challenges, and contextual considerations alongside global perspectives.

e |t proposes a conceptual framework that explains the relationship between Al-based recruitment
systems, algorithmic bias, transparency, organizational trust, fairness, and recruitment outcomes,
providing a foundation for future empirical research and managerial practice.

Final Reflection

The future of Al in recruitment should not be assessed solely by its ability to automate hiring decisions but by
its capacity to support recruitment processes that are fair, transparent, accountable, and inclusive. As
organizations continue to embrace Al-driven talent acquisition, responsible governance and ethical
implementation will remain fundamental to ensuring that technological progress advances both
organizational performance and social equity. This balanced approach will be instrumental in building greater
confidence in Al-enabled recruitment and shaping a more equitable future of work.

10. Limitations of the Study

Every research study is subject to certain limitations that should be acknowledged to provide context for
interpreting the findings. Since the present study is a conceptual review based exclusively on secondary
sources, its conclusions are dependent on the scope, quality, and availability of the existing literature.
Recognizing these limitations also helps identify opportunities for future research and methodological
improvement.

10.1. Reliance on Secondary Data

This study is based entirely on secondary sources, including peer-reviewed journal articles, academic books,
conference proceedings, policy documents, and industry reports. As no primary data were collected, the
findings are limited to the evidence and interpretations presented in the existing literature. Consequently,
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the study does not provide direct empirical validation of the proposed conceptual framework or the
relationships among the identified constructs.

10.2. Limited Time Frame of the Review

The review focuses on literature published between 2020 and 2026 to capture recent developments in Al-
enabled recruitment and algorithmic bias. While this ensures that the study reflects current technological and
regulatory trends, earlier foundational studies that contributed to the evolution of Al recruitment and
fairness research were considered only where necessary. As Al technologies continue to evolve rapidly,
future developments may also influence the relevance of some findings presented in this review.

10.3. Limited Availability of Indian Empirical Studies

Although the study places particular emphasis on the Indian context, the availability of empirical research on
algorithmic bias in Al-based recruitment within Indian organizations remains relatively limited. As a result,
several discussions rely on broader international literature to explain concepts and emerging practices. This
highlights the need for more empirical investigations focusing specifically on Indian organizations, industries,
and regulatory environments.

10.4. Variability in Research Methodologies

The reviewed studies employ diverse research methodologies, including conceptual analyses, systematic
reviews, case studies, surveys, experiments, and machine learning evaluations. Differences in research
design, sample characteristics, analytical techniques, and fairness measures make direct comparison across
studies challenging. Consequently, the findings presented in this review should be interpreted within the
methodological contexts of the original studies.

10.5. Rapid Evolution of Al Technologies and Regulations

Artificial Intelligence is a rapidly evolving field, with continuous advancements in machine learning,
generative Al, explainable Al, and automated decision-making. Similarly, legal and regulatory frameworks
governing Al are undergoing significant changes across different countries. Therefore, some technological
developments or policy initiatives introduced after the completion of this review may not be fully reflected in
the analysis.

10.6. Limited Generalizability Across Organizational Contexts

The reviewed literature encompasses organizations operating in different industries, countries, and
regulatory environments. Variations in organizational size, digital maturity, recruitment practices, workforce
diversity, and technological capabilities may influence how Al is implemented and how algorithmic bias
manifests in practice. Accordingly, the conclusions of this study should be interpreted with consideration of
these contextual differences.

10.7. Scope Limited to Recruitment and Selection

The study specifically examines algorithmic bias within Al-based recruitment and selection processes. Other
Human Resource Management functions, such as employee performance evaluation, promotion decisions,
workforce planning, learning and development, and employee engagement, were beyond the scope of this
review. Future research may extend similar analyses to these areas to develop a broader understanding of
responsible Al adoption across HR functions.
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